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6.1 N13UTTNINUKUUAINAITALLTUGEA (Maximum Likelihood (ML) Estimation)

A5y = (31, ..., yv) DuMegeiSedyanuvisenidunalaainuuuiingass, § AeAms1ines
lain1UAIYB I UUTIaIIABIN1ALUTEU0L NSUTTUIUAT 6 917 y AERaNN15389 ML v1la
lngnisiden ¢ 1 vilvenilanduanunuiwivvesannuuiasduiirnasan

0 = arg max f(y|6) (6)
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a8 f(y|0) Aeflenduanuruiuturesauiiaziduuuuiideuly (conditional likelihood func-
tion) ¥e4 y dM3UAT ¢ nileY wagtmann15ves ML inUssendlifiuuudnass AR azladnils
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fWlo) = fylA, %) = fly(p+1),y(p+2), ..., y(N)|y(1),y(2), ...,y(p), A, %)

= (27r)1(N2_p) . o ;(N;p) -exp—% Z (y(t) — AH(t))TE_l(y(t) - AH(t))

(7
\e997n (7) agluguvesilaiduiendlmiuuiiion (exponential function) 151inaginnsanaenisig
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N N
log(f(y]4, ) = £(A,5) =~ Llogdet 57 — = 3™ (y(t) — AH()7S ™ (u(t) ~ AH(1))
t=p+1
(8)
wosaninely (8) annsndeulndlfdusd
L(AY) = N=p logdet X — %HL[Y — AH]||% 9)
lagly L7L = 2!
1 1 1
ylp)  ylp+1) y(N —1)
Y=[p+1) yp+2) - y(N)] o,y H=|vP-D ) - yN=2
W) w@ YN =D e
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strain optimization) 3z laimaLaagfasdenareiuRauluiiuaudve NI UATaIRBN TS TY
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VAL(A X)) =0 Uag Vg1 L(A,X) =0

nRaulutau iaglinaaas A, luguuuula (closed-form) Ag

A=YH"(HH")™ (10)
$ = N%p - AH(8))(y(t) — AH (1)) (11)
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6.2 n1magau Wald nulymnidssaasiiosgn (Least-Square)

farsaundymmiasaesiesgn (LS) Weldildemmualae

& = argmin ||Az — y|* = (ATA)"tATy

m%a%ﬁq%’a%aﬁumLaqmﬂammﬁ

y=Ax+v (12)
Tne y € RY il N Aoduiudegnsvestaya W = € R, n = 100 vi3offeduiunsiivies
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93 7, vihiimwinduguduaziluldlunismagey Wald seluifiefiarsananuusiudives
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a = A 1 1 & A a s al [ N-Y)
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Type | Error = Prob(&; # 0| z; = 0)
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Type Il Error = Prob(z; = 0] z; # 0)
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